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Abstract: Keyphrases are used to summarize the document and high-quality keyphrases have great importance in text
summarizing , reading and indexing. However, most studies of keyphrase extraction have strict limitation in the form of pat-
terns ,and are unable to achieve the semantic relation between words and phrases. The results are failure to autonomously ex-
tract keyphrases. Keyphrase extraction using sequential patterns mining with one-off and general gaps condition algorithm
(KEING) is proposed in this paper. Taking into account one off condition and general gaps, SPING ( Sequential Patterns
mlning with oNe-off and General gaps condition ) can catch semantic relations between words and phrases more effectively.
Therefore , KEING will get effective candidate keyphrases and count their features. Then a supervised machine learning meth-
od is used to train features and construct a classification model,we can extract keyphrase with this model. Experimental re-
sults demonstrate KEING can effectively extract high quality keyphrases.
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